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We have features want classification

Assumption our data is linearly separable
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Idea by adding features we will be able to separate the data
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linearly seperable
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Perceptron Neural Nets

feature extraction

Structure

Predicting disease

Best stock market action

Image recognition

How well are we doing To assess this we use a

loss function
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Therefore our weight update
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Our weights will remain unchanged at every iteration

Derivative is zero
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We want to find input o µ that maximize the function above

take derivative and set to o

It In f I f log ztoz.fi
i 202

XfN_ o
i 2102

xi ul o xi nu o

MMLE
Xo

T

Same can be done to find one Isee solutions


